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Abstract

We describe a pointerless representation of hierarchical regular simplicial meshes, based
on a bisection approach proposed by Maubach. We introduce a new labeling scheme, called an
LPT code, that uniquely encodes each simplex of the hierarchy. We present rules to efficiently
compute the neighbors of a given simplex through the use of these codes. In addition, we
show how to traverse the associated tree and how to answer point location and interpolation
gueries.Our system works in arbitrary dimensions.

1 Introduction

Hierarchical simplicial meshes have been widely used in various application areas such as finite el-
ement computations, scientific visualization and geometric modeling. There has been considerable
amount of work in simplicial mesh refinement, particularly in 2- and 3-dimensions, and a number

of different refinement techniques have been proposed [7, 24, 4, 9, 20, 21, 22, 28]. Because of
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the need to handle data sets with a temporal component, there is growing interest in higher dimen-
sional meshes. In this paper, we build on the longest edge bisection method proposed by Mitchell
[24], and extended to arbitrary dimensions by Maubach [22].

A hierarchical mesh is said to lvegular, if the vertices of the mesh are regularly distributed
and the process by which a cell is subdivided is identical for all cells. Maubach developed a sim-
ple bisection algorithm based on a particular ordering of vertices and presented a mathematically
rigorous analysis of the geometric structure of the hierarchical regular simplicial meshes in any
dimensiond [22]. Each element of such a mesh ig-aimplex, that is the convex hull of + 1
affinely independent points [12]. The mesh is generated by a process of repeated bisection applied
to a hypercube initially subdivided intd congruent simplices. The subdivision pattern repeats
itself on a smaller scale at evedylevels. Whenever a simplex is bisected, some of its neighbor-
ing simplices may need to be bisected as well, in order to guarantee that the entire subdivision is
compatible Intuitively, acompatiblesubdivision is a subdivision in which pairs of neighboring
cells meet along a single common face. A compatible simplicial subdivision is also referred to as
asimplicial compleX25]. (See Fig. 1 for a 2-dimensional example.) Compatibility is important,
since otherwise, cracks occur along faces of the subdivision, which in turn present problems when
using the mesh for interpolation.

Fig. 1: Compatible simplicial mesh in the plane.

In computer graphics, adaptively refined regular meshes in 2- or 3-dimensions have been of
more interest for their use in realistic surface and volume rendering [30, 14, 26]. In many such
applications, efficiency of various operations such as traversal and neighbor finding on the mesh is
most desired. Based on the 3-dimensional version of Maubach’s method, Hebert [16] presented a
more efficient symbolic implementation of regular tetrahedral meshes by introducing an addressing
scheme that allows unique labeling of the tetrahedra in the mesh, and he showed how to compute
face neighbors of a tetrahedron based on its label. Hebert's addressing scheme could be generalized
to higher dimensions, however the neighbor finding algorithms are quite specific to 3-dimensions,
and a generalization to higher dimensions is a definite challenge. In this paper, we present such an
algorithm that works in arbitrary dimensions.

Our interest s in higher dimensions, motivated by another computer graphics application which
aims to accelerate ray-tracing [15] based on multi-dimensional interpolation. In this application,
rays in 3-space are modeled as points in a 4-dimensional parameter space, and each sample ray is
traced through a scene to gather various geometric attributes that are required to compute an inten-
sity value. Because tracing a ray through a complex scene can be computationally intensive, rather
than tracing each viewing ray to compute the required attributes, we collect and store a relatively
sparse set of sampled rays in a fast data structure and associate a number of continuous geomet-
ric attributes with each sample. We can then interpolate among these samples to reconstruct the
value at intermediate rays [5, 6]. Because of variations in the field values, it is necessary to sample
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adaptively, with denser sampling in regions of high variation and sparser sampling in regions of
low variation. An adaptively refined regular simplicial mesh is constructed over the 4-dimensional

domain of interest, and the field values are sampled at the vertices of this subdivision. Given a
guery point, we determine which cell of the subdivision contains this point, and the interpolated

value is an appropriate linear or multi-linear combination of the field values at the vertices of is

cell.

For interpolation purposes, compatibly refined simplicial meshes are preferable over octree-
based subdivisions, since they guarar@econtinuous interpolants, and that they are much sim-
pler in the sense that the interpolations are performed with a minimal number of samples. It is
possible to further subdivide an octree cell to produce a simplicial complex [8, 27], but this ap-
proach does not scale well with dimension due to the exponential increase in the number of vertices
and explosion of cases that need to be considered.

To illustrate the advantage of interpolation using simplicial complexes, consider the images
generated from our ray-tracing application in Fig. 2. Images (a) and (c) show the result of an
interpolation based on kd-trees [6], which is not a cell complex, and images (b) and (d) show the
results of using the hierarchical simplicial decomposition described in this paper. (These results
will be reported in a separate paper.)

(b) (€) (d)

Fig. 2: Results of a ray-tracing application to producg&@inx 800 image based on 4-dimensional
interpolations using (a) a kd-tree based on 14,492 samples (96 CPU seconds) and (b) a simplex
decomposition tree based on 6,072 samples (97 CPU seconds). Details of these images are shown
in (c) and (d), respectively. Note the blocky artifacts in the kd-tree approach (c).

In addition to our own motivation, higher dimensional meshes are of interest for visualization
of time-varying fields, and efficient algorithms for performing traversals and neighbor finding is
required.

Thus, our main objective in this paper is to present an efficient implementation of multidimen-
sional hierarchical regular simplicial meshes in any dimengiorRather than representing the
hierarchy explicitly as a tree using child pointers, we upeiaterless representatian which we
access nodes through an index callddaation code Location codes [29, 19] have arisen as a
popular alternative to standard pointer-based representations, because they separate the hierarchy
from its representation, and so allow the application of very efficient access methods. The space



savings realized by not having to store pointers (to the parent, two childred,-amdheighboring
simplices) and simplex vertices is quite significant for large multidimensional meshes.

We present a location code, called tHeT code which can be used to access nodes of this tree.
Unlike Hebert’'s approach, which only works in 3-dimensional space and relies on enumerations
and look-up tables, our approach is fully algorithmic and works in any dimension. We store the
mesh in a data structure callecsianplex decomposition tre@ur hierarchical decomposition is
based on the same longest-edge bisection method given by Maubach [22]. (Note that Maubach’s
representation is not pointerless.) In addition to efficient computation of neighbors, we show how
to perform tree traversals, point locations, and answer interpolation queries efficiently through the
use of these codes.

2 Pointerless Representations and Prior Work

Regular subdivisions have the disadvantage of limiting the mesh’s ability to adapt to the varia-
tional structure of the scalar field, but they provide a number of significant advantages from the
perspectives of efficiency, practicality, and ease of use. The number of distinct element shapes is
bounded (in our case hi), and hence it is easy to derive bounds on the geometric properties of the
cells, such as aspect ratios and angle bounds. The regular structure relieves us from having to store
topological information explicitly, since this information is encoded implicitly in the tree structure.
Regular hierarchical decompositions can be selectively refined and coarsened, which is useful for
interactive visualization. Additionally, the hierarchical structure provides a straightforward method
for performing point location, which is important for answering interpolation queries.

One very practical advantage of regularity involves performance issues arising from modern
memory hierarchies. It is well know that modern memory systems are based on multiple levels,
ranging from registers and caches to main memory and disk (including virtual memory). The
storage capacity at each level increases, and so too does access latency. There are often many orders
of magnitude of difference between the time needed to access local data (which may be stored in
registers or cache) versus global data (which may reside on disk) [10]. Large dynamic pointer-
based data structures are particularly problematic from this perspective, because node storage is
typically allocated and deallocated dynamically and, unless special care is taken, simple pointer-
based traversals suffer from a nonlocal pattern of memory references. This is one of the principal
motivating factors behind 1/O efficient algorithms [1, 3] and cache sensitive and cache oblivious
data structures and algorithms [10, 11].

In contrast with pointer-based implementations, regular spatial subdivisions spppuaeriess
implementations. Pointerless versions of quadtree and its variants have been known for many years
[13, 29]. The idea is to associate each node of the tree with a unique index, clltadien code
Because of the regularity of the subdivision, given any point in space, it is possible to compute the
location code of the node of a particular depth in the tree that contains this point. This can be done
entirely in local memory, without accessing the data structure in global memory. Once the location
code is known, the actual node containing the point can be accessed through a small number of
accesses to global memory (e.qg., by hashing).



The prior work in the area of pointerless regular simplicial meshes has principally been in
2- and 3-dimensions. Lee and Samet presented a pointerless hierarchical triangulation based on a
four-way decomposition of equilateral triangles [19]. Hebert presented a location code for longest-
edge hierarchical tetrahedral meshes and a set of rules to compute neighbors efficiently in 3-space
[16]. Lee, et al. developed an alternative location code for this same tetrahedral mesh, and pre-
sented algorithms for efficient neighbor computation [18]. Both approaches are quite specific to
3-space, and are not readily generalizable to higher dimensions.

We introduce a new location code, which provides unique encoding of the simplices gener-
ated by Maubach’s [22] bisection algorithm. This coding scheme works in arbitrary dimensions.
We define the components required to develop a pointerless implementation based on our location
code. All the geometry of the simplices and the operations required for the tree can be computed
easily based solely on the code of a simplex. Our location code and the definitions of various op-
erations on the simplex tree depend on the particular vertex ordering. We have adopted a different
ordering than Maubach’s system, which we feel leads to simpler formulas. Our vertex ordering is
a generalization of the vertex ordering used in Hebert’s 3-dimensional system.

The most challenging operation on the tree is neighbor computation. Maubach’s system com-
putes the neighbors of a simplex during construction of the tree recursively [23], and possibly
stores pointers to neighbors for each simplex. We, on the other hand, are interested in efficiently
computing any neighbor of any simplex directly from its code, without storing any neighbor links,
and without having to traverse the path to and from the root in order to compute neighbors. This
is significant gain both in terms of storage, and computational efficiency, since our approach is
local and runs irO(d) time—in fact inO(1) time, if the operations are encoded in lookup tables.
Neighbor computation is a valuable operation not only during construction of the hierarchy, but in
general, for any application that requires moving between adjacent simplices of a decomposition.

3 Preliminaries

Throughout, we consider redtdimensional spacey?. We assume that the domain of interest
has been scaled to lie within a uméference hypercubef side length 2, centered at the origin,
that is[—1, 1]¢. We shall denote points iR? using lower-case bold letters, and represent them as
d-element row vectors, that i8,= (v, v9,...,v4) = (v;)%,. We lete; denote theth unit vector.

A d-simplex is represented as(é+ 1) x d matrix whose rows are the vertices of the simplex,
numbered from 0 tal. Of particular interest is thbase simplexdenotedSy, whoseith vertex is
Z;‘:l € - Z;’l:i—&-l €.

For example, irit? we have

-1 -1 -1
1-1-1
1 1 1



Recall from basic geometry that two geometric objectscamgruentif are equivalent up to
translation and a possible reflection. Coordinate permutations and coordinate reflections both pre-
serve congruence. Two objects aimilar if they can be made congruent by a nonzero uniform
scaling.

3.1 Permutations and Reflections

Let Sym(d) denote thesymmetric groumf all d! permutations ovef1,2,...,d}. We denote a
permutationll € Sym(d) by a tuple of distinct integersr, m --- 74|, wherer; € {1,2,...,d}.
We can interpret such a permutation as a linear function that maps the unit @eictdnee,,, or
equivalently as a coordinate permutation given hi»ad matrix whoseith row is the unit vector
e,,. For example, fofl = [2 3 1],

—1-1-1 —1-1-1
S N I 1 1-1
Spll = 001]| =
1 1-1 L0 0 1 1 1
1 1 1 11 1

It is well known that the collection of simplicesSy¥ : ¥ € Sym(d)} fully subdivides the
reference hypercube, and further that this subdivision is compatible (is a simplicial complex) [2].
Thesed! simplices form the starting point of our hierarchical simplicial mesh. ddrapositiorof
two permutationsg] o ¥, defined asS(Il o W) = (SW)IT is given by the matrix produckII. Note
that the notatiori2 3 1] is not a vector ifR?, but merely a convenient shorthand for a permutation
matrix. Throughout, vectors will be denoted with parentheses, and square brackets will be used
for objects that are to be interpreted as linear transformations, or equivalently a shorthand for a
matrix. Another useful class of transformations are coordinate reflections, which can be expressed
as ad-tuple R = [r; ro --- 14 Wherer; € {£1}, and is interpreted as a linear transformation
represented by the diagonal matdiag(r, 7, ..., 7rq).

It will simplify notation to combine the composition of a permutation and a reflection using a
unified notation. We definesigned permutatioto be ad-tuple of integersr;;]¢_,, where[r;]¢_,
is a permutation anfl;]_, is a reflection. This is interpreted as a linear transformation that maps
thesth unit vector tor;e,,. For example, ifR?, the composition of the reflectioR = [—1 —1 +1]
and the permutatioll = [2 3 1] is expressed as the signed permutatie? —3 +1], which is just
a shorthand for the matrix produgtl, that is

-1 0 O 010 0-1 0
RII = 0-1 0 0 01 = 0 0-1
0 0+1 1 00 +1 0 O

An intuitive way to interpret the meaning of a signed permutation is as an operation involving a
selective negation followed by a subsequent permutation of some of the components of a row vector
or the columns of a matrix. For example the signed permutatian—3 +1] can be interpreted
as negating the first and second components of a vector, and then mapping the first, second, and
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third components of the resulting vector to positions 2, 3, and 1, respectively. Thus, the image of
(v1,v9, v3) under this transformation g3, —vq, —vs).

We define the following functions that act on a signed permutafios [r;]¢_,. The first,
perm(II), extracts the permutation part Gf the secondiefl(IT), extracts the (unpermuted) reflec-
tion part as a vector ifi+1}¢, and the thirdprth(II), returns the permutation oéfl(I1) underlI.
More formally,

perm(Il) = [|m|]L,  refi(ll) = (sign(m)),  orth(IT) = refi(I)perm(Il) = (sign(m;"))i,.

For example, ifl=[—2 —3 +1] thenperm(II) =2 3 1], refl(II) = (—1, —1, +1), andorth(II) =
(+1,—1,—1). Note thatrefl(II) andorth(1I) are vectors. The associated transformation matrices
arediag(refl(IT)) anddiag(orth(II)), respectively. The following is an easy consequence.

Lemma 3.1 LetIl be a signed permutation. Théh= diag(refl(IT))permII) = permII)diag(orth(II)).

3.2 The Simplex Decomposition Tree

Recall that the initial simplicial complex is formed from thepermutations of the base simplex,
that is, Sy for U € Sym(d). Simplices are then refined a process of repeated subdivision, called
bisection in which a simplex is bisected by splitting its longest edge [22]. (Details will be given
below.) The resultinghild simplices are labeled 0 and 1. By applying the process repeatedly,
each simplex in this hierarchy is uniquely identified bya&h which is a string ovef0, 1}. The
resulting collection of trees is called tlsmplex decomposition tredt consists ofd! separate
binary trees, which conceptually are joined under a common super-root. Each simplex of this tree
is uniquely identified by @ermutation-path paiasSy,, whereV is the initial permutation of the
base simplex, ang € {0,1}* is the path string. When starting with the base simplexg the
identity permutation) we may omit explicit referenceltoBy symmetry, it suffices to describe the
bisection process on just the base simpggx The ordering of the rows, that is, the numbering of
vertices, will be significant.

Maubach [22] showed that with everyconsecutive bisections, the resulting simplices are
similar copies of theirl-fold grandparent, subject to a uniform scaling 2. Thus, the pattern
of decomposition repeats evefyevels in the decomposition. Define thevel ¢, of a simplexs,
to be the path length modulo the dimension, that is, (|p| mod d), where|p| denotes the length
of p. The 0-childS,, and 1-childS,; of a simplex are computed as follows:

Vo Vo Vo
Ve Ve Vo1
Sp = Vy SpO = (Vg + Vd>/2 Spl = (V@ =+ Vd)/2
Vg1 Vit Vy
L Va L V4 | | Vi1 J




A portion of the tree is illustrated in Fig. 3. Note that in both cases the fivgrtices are
unchanged. The ne¥ih vertex is the midpoint of the edge between ftireand last vertices. The
remainingd — ¢ vertices are a subsequence of the original vertices, shifted by one position relative
to each other.

Equivalently, we can defing,, = B, (S, andS,; = B,1S5,, whereB,, andB,; are(d + 1) x
(d+ 1) matrices whoséth row (starting from row 0) has the valu¢2 in columns? andd (starting
from column 0), and all other rows are unit vectors. For example, in dimensiend and for

= 2 we have
1 0 0 0 0 1 0 0 0 0
0O 1 0 0 O 0O 1 0 0 O
Bijo= | 0 0 1/2 0 1/2 Bpp= | 0 0 1/2 0 1/2
0 O 0 1 0 0 O 1 0 0
0 O 0 0 1 0 O 0 1 0

Our bisection scheme is geometrically equivalent to the one defined by Maubach [22], but
we order the vertices differently from Maubach and reverse the names of the 0- and 1-children.
Although the differences are theoretically insignificant, our ordering results in somewhat simpler
and more regular formulas for computing descendents and neighbors.

£o=S, [—1 —1] level 0
1 —
1
(L1) e

A, =S| 0 O s, 00 level 1
1-1 -1-1
11 1-1

(1,0) / \

00 level O
10
1-1
-1-1) 1.-1) So10 |2 ~¥ Soya| ¥ % level 1
10 00
1-1 10

Fig. 3: The simplex decomposition tree. The corresponding bisected simplex is shown on the left.
The newly created vertex is indicated by an arrow in each case. The reference simyplaes
indicated as well.

(V2,=2)




3.3 Reference Simplices and the Reference Tree

Since with everyl consecutive bisections, the simplices are similar to, but half the size, of their
d-fold grandparent, we can partition the nodes of the decomposition tree into a collection of iso-
morphic, disjoint subtrees of heigtit The roots of these subtrees are the nodes whose depths are
multiples ofd (where the root starts at depth 0). It suffices to analyze the structure of just one of
these trees, in particular, the subtree of heigysttarting at the root. We call this tmeference tree

Since the two children of any simplex are congruent, it follows that all the simplices at any given
depth of the decomposition tree are congruent to each other. Thus, all the similarity classes are
represented by canonical simplices, called tmeference simplicesThese are defined to &),

for 0 < k < d, and denoted by\;. (See Fig. 3.) Although it is not a reference simplex, we also
defineA; = S, since it is useful in our proofs.

For example, irit? the 3 reference simplices together with are

~1-1-1 0 0 0 00 0 000
Ag | 1-1-1| A | 1-1-1 Ay |10 0 As | 100
Se) | 1 1-1] (So) |1 1-1] (So) |1 1-1] (Seo) |1 10

11 1 11 1 11 1 111

4 The LPT code

So far we have defined an infinite decomposition tree and a procedure for generating the simplices
of this tree from the top down. In order to provide pointerless implementation of the hierarchical
mesh, we define lcation codewhich uniquely identifies encodes each simplex of the hierarchy.
The most direct location code is combination consisting of the initial permutatitollowed by

the binary encoding of the tree pathUnfortunately, it is not easy to compute basic properties of

the simplex such as neighbors from this code. Nonetheless, Lee, De Floriani, and Samet showed
how to compute neighbors from the path code in the 3-dimensional case [18]. Instead we modify
an approach presented by Hebert [16] for the 3-dimensional case, by defining a location code
that more directly encodes the geometric relationship between the each simplex and the reference
simplex at the same level. We call this thBT code since it encodes for each simplex lisvel

its signedPermutation and itsTranslationrelative to some reference simplex. We shall show that

it is possible to compute tree relations (children and parents) as well as neighbors in the simplicial
complex using this code.

Given any simplexSy,, in the hierarchy, thePT codes a 3-tuple(/, I1, ®), wherel = |p| mod
d is the simplex’s levelll is a signed permutation relatingy,, to its reference simplex, andl
is a list of vectors, called the orthant list, which is used to derive the translation relative to the
reference simplex. The permutation pHrt= 11y, and and orthant lisb = ¢y, are defined below
as functions ofl andp. Correctness will be established in Theorem 4.1 below.



] (L) / [+1+2] \
r(0,0) '(1,0) / [+1+2] \ [-2 +1]

! A,=Sgy| 0 O Se1| 0 O
LN . 10 10
{1/2,_1/2) (1,-v5) 11 1-1
| ; i [+1+2] / [+1 =2 = orth=(+1,-1)
(-1-1) (.-1) So10 | 2 =%2 Sou1 | 272
1 0 0 O
1-1 1 0
/|:+1 —2]\ [+2 +1]
So100 | ¥2 - So101| Y2 %
1-% 1-%
1-1 1 0
[+1 -2] [+1 +2] - orth=(+1,+1)

Fig. 4: The signed permutatiohk;, associated with each simplex are shown below each simplex
matrix, and the entries of the orthant list are shown for the shaded siffiplgx The LPT code
for this simplex is(0, [+1 +2], ((+1, —1), (+1, +1))).
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Permutation Part: The signed permutatiofly,, is defined recursively as follows for a base
permutation¥ and binary pathp:

gy = W Ty = Iy, Ty, = Ilyy, 0 X, (2)

whereX, is the permutation that cyclically shifts the last ¢ elements to the right and negates
the element that is wrapped around. Thatis=[12 --- { (—=d) ({+1) ({+2) --- (d—1)].
A portion of the simplex decomposition tree, and the associated permutation values are shown in
Fig. 4. For example, observe théy is related toA; by the signed permutation-2 +1], which
negates the first column &, and then swaps the two columns.

Orthant List:  Recall that with everyl levels of descent in the decomposition tree, the resulting
simplices decrease in size by a factong?. The bounding hypercube of the resulting descendent

is one of the2? hypercubes that would result from a quadtree-like decomposition (indicated by
broken lines on the left side of Fig. 4). Depending on the level within the tree, the translation of
the descendent hypercube relative to its ancestor will be some powefDftimes ad-vector
over{+£1}. Such a vector defines tlmethantcontaining the descendent hypercube relative to the
central vertex of its ancestor. Consider, for example, the shaded simplex in Fig. 4. Its translation
relative to the base simplex j$+1, —1) + ;(+1,+1), indicated by the arrowed lines on the left
side of the figure. The orthant list encodes these two vectors.

To define the orthant list, we first remove the lagtymbols
of p, leaving a multiple ofl symbols (possibly empty). We then

partition the remaining symbols intb = | |p|/d| substrings, . d

: 1 Q=q
¢1q2 - - - q1, Where|g;| = d. Since the reference tree structure re- d
peats every levels, eacly, can be viewed as a complete path in v Q,= a0,

one of these subtrees of heightLet (); denote the concatenation \ d
of the first: substrings. Fott < i < L, definel'y,i] to be the A 1 Qy=0y0,0s
signed permutation for paty;, that isIly,. Define theorthant

list for the pair(W, p) to be the sequence df vectors whoséth S R
element iorth(I'y,[7]), that is

Dy, = (orth(T'y,[1]), orth(T'y,[2]), . . ., orth(T'y,[L])) - (3)

The orthant list can be computed incrementally along with the permutation part of the code as
follows. Given the LPT codé/, II, @) for a simplexSy,,, first observe that the orthant list only
changes for the children if the current levellis- 1. If so, we compute the child’s permutatioh
from Eq. (2) and appenarth(I1’) to the current list. Observe that given the le¢@nd the orthant
list @ for any simplex, we can derive the length of the associated treepeh+ d - length ®).

The computation of the LPT code is summarized in the proceld@fiecode The code for the
simplexSy, is computed by the callPTcodép, (0, ¥, ())). We may now state the main result of
this section, called thePT Theoremwhich establishes the geometric meaning of our LPT code
by relating each simplex of the decomposition tree to its associated reference simplex. Hebert [16]
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LPTcodép, (¢,11, ®))
if (p=0)return (¢, 11, )
Expresg asuzq, forx € {0,1}
¢ — ({+1)modd
if(x=1)1«1Ilo%,
if (¢ =0)® «— & + orth(IT)
return LPTcodéq, (¢,11, ®))

proved the analogous result for his 3-dimensional bisection system1’Letdenote ad + 1)-
column vector of 1's. The following theorem makes use of the observation that, fof-eow
vectorv, the matrix producl?, ; -vis a(d+ 1) x d vector whose rows are all equahtpand hence
adding this to any simplex matrix is equivalent to a translation.by

Theorem 4.1 (LPT Theorem)Let Sy, be the simplex of the decomposition tree associated with
some initial permutation and binary pathp. Let (¢,11, ®) be the LPT code for this simplex,
defined above. Thefy, is related toA,, the reference simplex at this level, by the following

similarity transformation:
L

1
Sup = 2_LA€H + 1§+1 Z

i=1

%@[z’].

whereL = | |p|/d].
Before proving this theorem, we will prove the following technical lemmas.
Lemma 4.1 Given the reference simpléx,, 0 < ¢ < d,
By = BiiAS;
whereY, is as defined in Section 4.

Proof: ©,' = X7 = [e]...e] —el el ...el_,], sinceX, is an orthogonal matrix. When

a matrix is postmultiplied by, ', the last column is negated, and then the (dst ¢) columns

are cyclically shifted to the right. Consider the general form of a reference simplex and its two
children as shown in Figure 5. It can be observed that, if we negate the last column of the 1-child
of A,, and cyclically shift the lastd — ¢) columns to the right, we get the O-child Af. O

Lemma 4.2 Given the reference simpléx,, 0 < ¢ < d, and a signed permutatioiy ,,
BeaAdly, = AppiTly
Proof: By definition,Ily ,; = %11y, thatislly , = 3, 'Ly .
BoiAdly, = Api Sdly, = A1 505, My 1 = Ay

O

Proof: (Theorem 4.1) We will prove Theorem Theorem 4.1 by induction. Recalllthat 1y,
¢ =Py, | = [p| mod dandL = | |p|/d].
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AV NG 0
1
l 1 i -1
Aé‘+l = BK,OA[, B[JAZ
-1
o |do 0 A/O 1 b 1 1\L 0|0 0 |0
1 1
s = e ——
= -1 1
0+1 7 0+ (
1 -1 H
1|11 1 1 |1 1
l l

Fig. 5: The two children of a reference simplex.

Induction Basis: The hypothesis holds for all root simplices;, 3. SinceL = ||p|/d] = 0, and

¢ = (0 at root level, .
Svp = Q%AOH\IJ,(A + 15 i %CD‘P,@ [1]

= Ayllyp (holds by definition)
Induction Step: Assume that the inductive hypothesis holds $4r,, atlevel ¢/ = |p| mod d.

We will show that, it holds for the O0- and 1-children 8§ ,. In addition to the above lemmas, we
will make use of the following equalities:

App1 = Broly.

LetT =17, 37 | Ly, [i]. Note thatT = 12, 37 | Ly i) = 17, 307 | L0y (1] as

=1 2¢
well.

Also, note that all rows ar€ are equal to each other. For such a mdifjthe following equalities

hold,
BooT =T, BT ="T.

In the induction, there are two cases to be distinguished dependifig on

1.0</<d-1
e First, consideSy ;0. By definition,Ily ,o = ILy .
Svpo = BuoSvy = Bro(zpAdly,+T) (by induction hyp.)

%AHlH\p,p -+ T = QLLAE+1H\II,;DO + T.

This completes the induction féfy ,,, Since| |p0|/d| = Lfor0 < /¢ < d— 1.
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e Now, considerSy ;.

S\If,pl

= Bi1Svp, = Bri(srAdly,+T)  (byinduction hyp.)
= 5 Apallyy, + T (by Lemma 4.2)

This completes the induction féfy ,,;, since||pl|/d| = Lfor0 < /¢ <d— 1.

2. { =d — 1, the children ofSy , will be atlevelO.

e First, consideSy . By definition,Ily ,o = Iy .

Svpo = Bi—10Swy
= By1o(sAaally, + 17,30 Loy [i])  (by induction hyp.)
= AdH\Ilp+1d+1 i= 121q)\11p[]
= srQallypo + 15, > o 27 Pw pol]
= FAMapo + 17, Y7 204 0li] — 5210, PupolL + 1]
Since Ay = Aot Mis1)xa where [1]4.1)xq IS @ matrix of 1's anddy o[L + 1] =
2 (d+1) D
orth(ILy o),
Ao+[1 «
Svpo = %MH w0 + Lit «LL+11 27 P poli] — 577 Lg 1 0rth(Ily o)
= g Aolly o + 17, ZL+11 57 Pw o]
+ sz ([ @y <allw o — 174, 0rth(ITy )
By Lemma 3.1,

17, 0rth(Ily o) = 17 refl(Ily p0)permILy )
= [1@+1)xadiag(refl(Iy 50 ) )pernIly 4)

= [1)(a+1)xalw po-

And so, we see that, the third term above is 0, yielding

1 T L+1 1
5\117190 - —2L+1A0H‘1hp0 + 1d+1 Zz 1 21<I>\If pO[ ]

This completes the induction féiy ,,, since||p0|/d| = L +1for{ =d — 1.
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e Next, consideSy ;.
Supt = BiiSup = Bei(sr a1y, + 15,30 Ldy,[i]) (by induc. hyp.)

= Ay + 15, Y0 3P i) (by Lemma 4.2)

= Q%Adn‘l’,pl + lg+1 ZL:+11 %q)‘lhpl [Z] - ﬁldTHq)‘l/,pl [L + 1]

Applying the same derivations as in the previous case, this can be reduced to

_ 1 T L+1 1 .
Svpr = grmlollup + 1500 2007 57 Pupli]-

This completes the induction fiy ,,;, since||pl|/d| = L +1for{ =d — 1.

Implementation Issues: We can now describe a pointerless implementation of a simplex decom-
position tree. For each simple;, in the tree, we create an node that is indexed by an appropriate
encoding of the associated LPT code. Theorem 4.1 implies that the geometry of this simplex is
determined entirely from the LPT code, and, if desired, it can be computed from the code in time
proportional to the code length. In addition to the index, this node may also contain application-
specific data. These objects are then stored in any index structure that supports rapid look-ups, for
example, a hash table.

There are a number of practical observations that can be made in how to encode LPT codes
efficiently in low dimensional spaces. L&l denotes the maximum depth of any node in the
tree. Each of the! permutations of Syifal) can be encoded as a integer wiith, d! bits [17]. A
d-element reflection vector ovedrt1} can be represented as/alement bit string (e.g., by the
mapping+1 — 0 and—1 — 1). Thus, a signed permutatidih then can be encoded by a pair of
integers. A convenient way to encode the vectors of the orthant list is map them to bit strings and
to store them ad separate lists, one for each coordinate. (The advantage of this representation
will be discussed in Section 6.) The final code consists of the lewsipressed wittilog, d] bits,
the permutation and reflection, represented using,(d!)] + d bits, and finally the orthant list,
represented using - length(®) bits, which is at most/ | D/d| < D. The total number of bits
needed to represent the code for a simplex at dépth D + log,(d!) + O(d). This is close to
optimal in the worst case, since there afkl! simplices at depttD in a full tree. If we assume
that the machine’s word size §&((D/d) + log, d!), then the permutation part of the code can be
stored in a constant number of machine words and the orthant lists can be stoxel) machine
words.

Also, note that for small, the multiplication tables for the various signed permutations (such
asy, of Eq. (2) and the neighbor permutations of Section 6 below) can be precomputed and stored
in tables. This allows very fast evaluation of permutation operations by simple table look-up.
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5 Decomposition Tree Operations

In this section we present methods for performing useful tree access operations based on ma-
nipulations of LPT codes, including tree traversal, point location and interpolation queries, and
computing neighbors in the simplicial complex.

5.1 Tree Traversal

Consider a simple¥\y,, of the tree whose LPT code (§, 11, ¢). Let us consider how to compute

the children and parent of this simplex in the tree. The LPT codes of the children of this simplex
can be computed i®(d) time by applying the recursive rules used to define the LPT code, given
in Section 4. We can compute the parent from the LPT code by inverting this process, but in order
to do so we need to know whether the simplex is a left child, a right child, or the root. A root
simplex is distinguished by having an empty orthant list and I1ével0. Otherwise, we make use

of the following lemma.

Lemma 5.1 Consider a nonroot simpleX of the decomposition tree with LPT codell, ¢), and
let S’ be its nearest proper ancestor at level 0. Let= [r;]%_, be the signed permutation 6f let
0 = (0;)L, be the last entry of the orthant list 6f, and let/* = 1 + ((¢ — 1) mod d). ThenS'is
a 0-child if and only if sigir,- ) = sign(o,.).

Proof: In order to prove Lemma 5.1, we prove the following more general lemma, which charac-
terizes the child relations for a simplex’s ancestors, up to the next Oth level.

Lemma 5.2 Let Sy, be a nonroot simplex, and I&t;, be its nearest proper ancestor of level 0.
Leto = orth(Ily;) be the last orthant list entry of ;. Letb,b, . .. b~ denote the path frorfiy, to
Sy, Wherel* =1+ ((¢ — 1) mod d). LetIly, = [m;]¢; ando = (0;)¢_,. Then

, _ {0 if sign(m) = sign(o},)
1 1 if otherwise. '

Proof: We do not know whatily; is, but since we know, we know the signs of each coordinate
axis inIly,. We can determing b, . . . b;- by finding out which axes changed signs as we go down
the tree fromSy, to Sy,,.

Consider the step, when we descend down flam, . », , 0 Swip,..b;- w5, , @aNALLy 4, o,
denote the associated permutations.

If b, = 0, we follow the O-path, anflly, ,, will be identical tolly, 5, ,. Thus, the'” entry
in Iy, 5, remains with its original sign. On the other handj;if= 1, we follow the 1-path, and
so thed™ entry inlly, . 5, , iS negated and cyclically shifted to tiié position inIly . 5. Thus,
the ™" entry inlly 4, ., has changed its original sign. Since the subsequent steps apply cyclical
shifts only to the lastd — i) entries of the permutation, thi# location remains the same until we
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descend down t6y,. And so, looking at whether thé&" entry inIly, has changed its sign or not,
we can determing;.

Syt Sy,p
+1-4-3+2 —— [241-4-3 -5 [241-4-3 - [-2 +1 +3 —4]
b1=1 b2=0 b3=1
(0)f = (+1,41,-1,-1), (=3 bibabs = 101

Consider the above example, had a positive sign, following the 1-path, it was negated, and
became the first element idy,, because after it was shifted to the first location, it was fixed.
Similarly, following the 0-path, 1 remained positive and got fixed at the second location, and
following 1-path 3 was negated and placed at the third location. And so, the patt$fromm Sy,

is 101. O
Now Lemma 5.1 follows as an immediate corollary sisgg, is a O-child, if and only i« = 0.
O

Lemma 5.1 can be applied as follows to determine the
LPT code for the parent of a nonroot simpléx Given S’s
LPT code,(¢,I1, &), we distinguish two cases, depending on i

éoaren(p, (0,11, ®))
: if (p=0) return (

level. If £ is nonzero, then its parents level s = ¢ — 1 and Express astbib, . . . by-.
otherwise its parent's level & = d — 1. If ¢ is nonzero, then ¢ — ({—1) mod d

the orthant vectoo of the lemma is the last entry df. We ap- if (6 =0)d — & — (P[L])
ply this lemma to determine whethgris a 0- or 1-child. From elsed’ «— @

Eq. (2) and Theorem 4.1 we know that, if itis a O-child, it has the  if (b= = 0) II' < TI
same permutation code as its parent, and otherwise its parent's €lsell’ — Il o Dy
permutation code il o X, . Its parent has the same orthant list. __"etumn (£, I, )
On the other hand, if = 0 theno is the second to last entry of

®. Again we apply the lemma to determine whetleis a 0- or 1-child, and derive its parent’s
permutation code. The last entry 8% orthant list is removed to form the orthant list of its par-
ent. This can be computed (d) time. The computation of the parent is summarized in the
procedureparent The parent of the simple&y,, with LPT code(/, 11, @) is computed by the call
paren{p, (¢,11, ®)).

5.2 Point Location and Interpolation Queries

In this section we consider how to compute the LPT code of the leaf simplex of the decomposition
tree that contains a given query point= (¢;)¢_,. We assume that lies in the base hypercube,
thatis,—1 < ¢; < 1. If g lies on a face between two simplices, we will choose one arbitrarily.

We begin by locating the root simplesy,y that containgy. It is easy to see that a poiqt
in the base hypercube lies in the base reference simplgxif and only if its coordinate vector
is sorted in decreasing order. It follows that determining the permutatiofn the root simplex
reduces to sorting the coordinatespin decreasing order and settidgto the permutation that
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produces this sorted order. Let us assume that we have a fusdiitidescendinghat computes
this permutation.

Letting v, denote theth vertex of the root simple%y, that containgy, thebarycentric coor-
dinatesof g with respect to this simplex is the unigdet- 1 vectora = (a;)%,, 0 < o; < 1, such
that) ., = 1 andq = ), o;v;. Because of the special structure/s, it is easy to verify that
the proceduréndRootshown in Fig. 6 computes these coordinates.

After this initialization, we recursively descend the hierarchy until finding a leaf simplex. We
use the barycentric coordinatesagfelative to the current simplex to determine in which child it
resides. Then we generate the barycentric coordinatgsvith respect to this child. This is done
with the aid of the following lemma, which is proved in the appendix. The descent algorithm is
presented in Fig. 6 and its correctness follows from Lemma 5.3. To simplify the presentation, we
have omitted the orthant list processing, but it is essentially the same as in the code block just prior
to Theorem 4.1.

Seal’Ch{q, (év H)7 a)

findRootq) Z'(EE? is a leaf return (¢,11)
¥ — sortDescending(¢)®,) i (o < )
Qo — El — qm%Z Za;_dgae- PP
ag — (1 + Qipy 2 ' /
. return searchiq, ((/+ 1) mod d,11),
for (0 <i<d) a; — (qy, — i1)/2 olse Ha, (( ) ), ')
return (¥, ) o) — 204, o) — oy —ay

return searchid, ((¢ + 1) mod d,1I 0 ¥,), a'Y%))

Fig. 6: The procedureindRootandsearch which are used to locate a query painin the hierar-
chy. The permutatiol, is defined in Lemma 5.3 and the permutationwas given in Section 4,
Eq. 2.

Lemma 5.3 Consider a nonleaf simpleX;, of the hierarchy at level with the associated permu-
tation codelly, = [m;]¢_,. Suppose thaj lies within this simplex with the barycentric coordinates

o = (az‘)zdzo-

o If oy < ay, thenqlies in the O-child. Letx’ be the(d + 1)-vector that is identicabx except
thata), = 2a, anda/, = oy — . Then the barycentric coordinate vectorgpfelative to this
childis /.

e Otherwiseq lies in the 1-child. Lek, be a(d + 1)-permutation that shifts the lagt+ 1 — ¢
coordinates circularly one position to the right. Let be the(d + 1)-vector that is identical
to o except that, = 2a,4 and o, = oy — ay. Then the barycentric coordinate vectorapf
relative to this child isa’;.

Proof: Let Sy, be the simplex of the hierarchy at levethat containg). LetIly, = [r;]%, be the
associated permutation vector. leet= («;)?_, denoteg’s barycentric coordinates with respect to
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Su,. Letv; denote theth vertex ofSy,. Recall tham = Y2£Va is the newly created vertex that
bisects this simplex and that

Sup=[Vo...Ve...Va]", Sppo=[Vo... Voot MVey ... V)", Syp=[Vo...Veoimve... vy 4"

And so,v, = 2m—v,, andv,; = 2m—V,. Thus,q can be written in terms of barycentric coordinates
as,

g = aogVg+ ... +apVe+ ...+ agVg
aoVo + ... +ap_ Vo1 + Ozg(Qm — Vd) + aypiVor1 + ..o+ agVy
= ooVg+ ...+ Qp_1Vo_1+ QOégm + Qp1Vo1 + ...+ (de - Oég)Vd

and similarly,

g = ooVo+ ... +aVe+ ...+ agVyg
ooV + ...+ ap_ Vo1 +ayNg + ...+ Oéd(2m — Vg)
= ooVo+ ...+ ap_1Ve_1 + 2a4m + (Oég — Oéd)Vg + oo+ ago1Vao1

And so, if(ag — ay) > 0, it follows thatq resides inSy,, and otherwise it resides ity ,;. From
the above equations, we can also see the barycentric coordinates vases inSy o Or in Sy,; .
O

Given the query poing, the point location procedure first caflasdRootto find the appropriate
root simplex¥ of the decomposition tree and the barycentric coordinate$hen it invokes the
recursive procedursearch0, V, «) to locateq within the appropriate root simplex. Once the
point has been located, we can answer the interpolation query for this point. We access the stored
vector field values at each of the simplex vertices, and then weight these values according to the
barycentric coordinates of The result is a piecewise linear, continuous interpolant.

This simple sequential search makes as many memory accesses as the depth of the final leaf
simplex that containg. A more efficient procedure in terms of memory accesses would be to
employ a doubling binary search, which computes (using only local memory) the LPT codes for
the simplices at depths 0, 1, 2, 4, 8, and so on, until first finding a depth whose simplex does not
exist in the hierarchy. We then use standard binary search to locate the exact depth of the leaf
simplex that containg. Although the computation of the LPT codes is performed sequentially in
time linear in the depth of the final simplex, the number accesses to the simplex decomposition tree
is only logarithmic in the final depth. Thus, the running tim@ig/D), whereD is the maximum
depth of the tree, an@(log D) global memory accesses are made.

6 Neighbors in the Simplicial Complex

As we mentioned earlier, when simplices of the decomposition tree are bisected, it is necessary to
bisect some of its neighbors in order to guarantee that the final subdivision is a simplicial complex.
Maubach has shown how to perform bisections so this condition is satisfied [22]. (We omit dis-

cussion of how to do this for our system, but it is very similar to his.) Henceforth, let us assume
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that the simplex tree decomposition has been constructed so that the underlying subdivision is a
simplicial complex. In order to know what additional simplices must be bisected, it is necessary
to compute neighbors within the complex. Two simplicesraghborsif they share a common

(d — 1)-dimensional face.

Hebert [16] presented rules for computing neighbors in the 3-dimensional case. Lee, et al.
[18] presented an efficient neighbor finding algorithm for the 3-dimensional case based on the
path codes. Maubach [23] considered the case of arbitrary dimensions and presented a recursive
algorithm for computing neighbors, assuming that the neighbors of the parent simplex are known.
This leads to a neighbor algorithm whose running time is proportional to the depth of the simplex
in the decomposition tree. In this section we provide rules for computing facet neighbors based
solely on their LPT codes. In all but one of the cases, the neighbor can be compubéd)in
time, independent of the depth of the simplex. In the case where the computation may require time
proportional to the depth in the tree, we show that this computation can be sped up by a fdctor of
times the machine’s word size, and so is nearly constant time for practical purposes.

Consider a simpleX in the complex defined by the decomposition tree. et i < d, let
v, denote itsith vertex. Exactly onéd — 1)-face of S does not contaiw;. If this face is not on
the boundary of the base hypercube, its neighbor exists in the complex. If so, we Méfifte)
to be the neighboring simplex t8 lying on the opposite side of this face. LgtIl, ®) denote
the LPT code forS and let(¢/®, 11V, @) denote the LPT code faN¥(S). We present rules
here for computing LPT codes of these neighbors. The proof of their correctness is based on a
straightforward but lengthy induction argument. The proof is presented in the appendix.

The rules compute the LPT code for the neighbor simplex at the same defiflaad hence
(%) = ¢. Of course, this simplex need not be in the decomposition tree because its parent may not
yet have been bisected. In fact, in a compatible subdivisidd,-a 1)-face neighbor of5 could
also appear at one level higher or one level lower thaWVe will also show how to compute the
LPT codes of those neighbors.

1 d 1 7 d 1 7 d 1 i+1 1 ¢ d
Tyeo,t Trorg LT TTT T[] Do EETTTIT 11 Do T Dyew, BT T
[ A= ' t b o1

Fig. 7: Neighbor permutations. (The circle with a minus sign indicates that the element is negated.)

6.1 Neighbor Permutation Code

Each neighbor’s permutation code is determined by applying one of a set of special signed per-
mutations toll. The permutation depends on whetlseis a 0-child or a 1-child, which can be
determined using the test given in Section 5.1. These permutations are illustrated in Fig. 7, and
include the following:I'yec1, Negates the first elementzer e (resp.,I' 1), shifts the last — ¢
elements cyclically one position to the right (resp., left) and negates the element that was wrapped
around,['sye;, swaps elementsand: + 1, and'ysw,¢, SWaps and negates elemeftndd. The
neighbor rules are given in Theorem 6.1. A number of the rules involve the parent’s level, and so
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to condense notation, we defiie = (¢ — 1) mod d and/* = ¢~ + 1. Observe that~ = ¢ — 1
and/* = /¢, except wherf = 0, in which case they are larger by These can be computeddnd)
time, and in fact inD(1) time if permutations are encoded in look-up tables.

Theorem 6.1 Let S denote a simplex at levé] and letll denote the permutation code f6r

if (SisaO-child): N©O(S): M0 = TloTlyee
NOS): (0<i<d) 0 = TloTsyps
N@(S) @ = TloTlgar,

if (Sisa l-child): N©O(S): MO = TloTlyee
NE)(S) M) = TloTl e,

NOS): (0<i<di#¢) OO = Tlolgyp,

N@D(S): (d# ) 4 = ToTyswe

6.2 Neighbor Orthant

If ¢ £00r1 <i<d, N9(S),is in the same final orthant & and sod® = ®. If ¢ = 0, N@

is in a different orthant thas, but, N9 is the sibling ofS in this case. Thusp and®(? differ
only in their last element, which @rth(I1(9)) in ®@. Thus the orthant list can be updated in either
O(1) or O(d) time in these cases.

The only remaining case ®?). This case is the most complex because the final enclosing
quadtree box ofV(?)(S) is disjoint from.S’s final quadtree box. Further, it may be arbitrarily far
away, in the sense that the least common ancestor of the two nodes may be the root of the tree. In
this case, we can apply known methods for computing neighbors in linear quadtrees to compute

©) [29].

X2

,//J\ //\\
A //\

Al T B
@ (®)

Fig. 8:
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How to compute ®(®):  Similar to the method of finding neighbor quadrants in a quadtree, all we
need is to compute the path to the neighbor orthant. In our representation, the path from the root to
the orthant is the list of orthants th. Consider a 2-dimensional example. In Figure 8(a), orthants

A and B are neighbors, and their associated orthant lists, written as column vectors are:

e (GIGIEIED -

It is easy to see that, paths tband B have a common prefix corresponding to their common
ancestors, that is the orthgrt +] in the example. Orthant entries are identical for the remainder
of the paths except that one coordinate (in our examyl¢js complemented. Fig. 8(b) illustrates

the paths tod and B. The axis which has to be complemented depends on which neighbor we are
looking for. This generalizes to a d-cube which is subdivided in a quadtree-like manner.

Given an orthantd whose path from the root is representeddby, and a direction defined as
a 2-tuple(D, X;) whereX; is thei'" coordinate axis, and) € {—, +} represents the direction of
X;, find the neighbor orthan® of equal size located in the given direction with respect to

Similar to the algorithm described for quadtrees by Samet [29], the algorithm to find the neigh-
bor orthantB is a two-step process: Let the direction of the neighbof BeX;). In terms of
the tree representation, we first perform a bottom-up traversal startingAramtil we find the
closest ancestof; such that” is the parent of the lowest ancestor4fvhosei’” coordinate is the
complement ofD. This is the desired common ancestorAdand B. If no such ancestor exists,
then the desired neighdt is outside the bounding box, and so, it does not exist. Otherwise, let the
path fromC to A be denoted a8 4. In the next step, we complement thg coordinates inPg 4,
to get the path front’' to B, P-p. And since the path from the root @, . is common for both
A andB, by = (I)C + PCB-

Finding the common ancestér by bottom-up traversal corresponds to procesdingoack-
to-front, complementing th&; coordinate of each orthant, until we come across an orthant whose
X; coordinate is-D. We complement this coordinate as well. This completes the complementing
part. Rest of the list remain the same. The resulting li§tgs

Now, if we consider the original problem of computif’ corresponding to thé* neighbor
of simplex .S, we can use the algorithm explained above, if we know which directiéh(S) is
located with respect t§. Consider thdl andII(®) corresponding t& and N“)(S) respectively.
By the given neighbor rules, these two permutation-reflection codes differ only in the sign of their
first element. This is the sign corresponding to #ig,| axis, given thafl = [r;]{ is the code for
S. The sign ofr; determines in which direction of | axis S resides in its final orthant. And so,
the neighborV () (S) is also in that direction. Thus, the axis component of the directionig,
and the sign component of the directiorsign(r).

Implementation Issues: This operation can be implemented very rapidly through a simple trick
with bit manipulations. The neighbor computation [29] essentially involves an operation, which
is applied to a bit string that consists of tik coordinate of each entry of the orthant list. Recall
from our earlier discussion of implementation issues, that the orthant list is storedegmrate
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bit strings, one per coordinate, and packed into machine words as binary numbers. The key oper-
ation needed for the neighbor computation involves complementing a maximal trailing sequence
of matching bits. For example, given a bit string of the farrt0*, for w € {0, 1}*, the desired

result isw01* (and vice versa). By packing these bits into a single word, we can compute this
function with a single arithmetic operation by subtracting (or adding) 1 from the resulting binary
number. (This trick has been applied elsewhere in the context of neighbor finding in quadtree-like
structures [18].) Under the assumption that the machine’s word si2éligd), whereD is the
maximum depth of any simplex, it follows that the orthant list for the neighbor can be computed
in O(1) time.

7 Compatible Refinement and the Simplicial Complex

A subdivision is said to beompatible if each simplexS in the subdivision shares(d — 1)-face

with exactly one neighbor simplex. A simplex decomposition tree is a simplicial complex if all

of its simplices are compatible. Compatibility is important, since otherwise, cracks occur along
faces of the subdivision, which in turn present problems when using the mesh for interpolation. In
order to keep the subdivision compatible at all times, whenever a simplex is bisected a series of
bisections will be triggered in other simplices. Hebert [16] and Maubach [22] describe the process
for their systems.

For completeness we include a short description here as well. Consider a sithplexch
is about to be bisected, and letdenote the next edge &f to be split. The the simplices of
the subdivision that share this edge, denakeds), must be bisected as well. The rules given
in Section 6 provide a means to locate neighboring simplices that share a cof@imon-face
with S, that is, thefacet neighbor®f S. Let N.(S) denote the facet neighbors Sfthat contain
the edgee, or equivalently, the facet neighbors lying opposite all the 1 vertices ofS other
than the endpoints of. In order to access all the simplicesBf(.S) we compute facet neighbors
recursively. The algorithm was given by Maubach [22], and is shown as the recursive function
compatBisectn the code block. The procedusempleBisecperforms the basic bisection step
described in Section 3.2.

Maubach proved that in a com-

compatBiseds, ¢) patible subdivision, the facet neigh-
marks as pending bprs of S needed in this refinement,
for (5" € N(S)) either appear at the same depthSas
if (.S does not exis} or one level closer to the root [22].
compatBise¢paren{S’)) // now S’ exists For this reason, if theompatBisect
if (5" is a leaf and not marked as pending procedure does not find a simplgk
_ _compatBisec(S’) // bisectS” and its neighbors in the tree, then it knows that its par-
simpleBiseqtS) ent exists, and bisecting the parent

will being S’ into existence. Recall
that our neighbor rules compute only the Note that the bisection of the parent may trigger recursive
bisections on levelé — 1 and/ — 2, and so on.
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8 Neighbors at different depths

Neighbor rules of Theorem 6.1 provide the LPT code for the same depth neighbors. However, in
a compatible subdivision, a neighbor could possibly appear one level closer or one level further
from the root, that is, some neighbors of a simpexat depth|p|, could appear at depths| — 1

or |p| + 1. We can categorize the neighbors of a simplex into two groups: neighbors that share the
edge-to-be-bisected, and neighbors that do not. Maubach already proved that a neighbor sharing
the edge-to-be-bisected is either at deptlor at depthp| — 1, and that a neighbor at depih) — 1

is the parent of the same depth neighbor which did not come into existence yet. And so, for a
neighbor at deptlp| — 1, we first compute the LPT code for the same depth neighbor by the above
rules, and if the same depth neighbor does not exist in the tree, we compute its parent’s LPT code
as described in Section 5.

In addition, any ¢-1)-face neighbor of, which does not share the edge-to-be-bisected could
possibly be at deptfp| + 1. Specifically, same depth neighbadvs(S,) and N9 (S,), might have
been bisected without triggering bisection ®f, and so, one of their children will now share a
face withS,. Moreover, the child ofV*(S,) or N(@(S,) that shares a face with,, is the same
depth neighbor of one of the children 6. So, we can compute a neighbor at depth+ 1 by
computing the appropriate same depth neighbor of one of the childrgn &brmally,

if (N¢(S,) is a bisected simplex

N*(S,0) is the neighbor of5,, across vertex,,
if (N@(S,) is a bisected simplex

N*(S,1) is the neighbor of5,, across vertex,.

It can be easily proven that these neighbors cannot exist at depths highii thanintuitively,
same depth neighbdv*(S,) (N9 (S,)) have exactly one vertex different frofy. Let that vertex
beu. It can be shown that wheN*(S,) (N(4(S,)) is bisectedu is one of the endpoints of the
bisected edge. So, one of the children\df(S,) (V@ (S,)) will have two vertices different from
S,, and cannot be a neighbor. The other child has exactly one vertalfferent from.S,, thus
is a neighbor ofS,,. If that child is further bisected however, its children will have an additional
new vertex created by bisection of an edge which does not camtaence these children at depth
|p| + 2 cannot be neighbors of,.

9 Summary of Implementation

We have implemented the Simplex Decomposition Tree and utilized it for interpolating in 4-
dimensional space in a ray-tracing application. The data structure could be used for other ap-
plications given a black-box sampling procedure and a measure of discrepancy between samples.
Additional information for detecting discontinuties would also be useful, for example in the ray-
tracing application, we make use of the surface patches hit by sample rays to detect discontinuties.
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Sampling: Samples are collected at simplex vertices adaptively such that a simplex is bisected
only when the desired accuracy of interpolation cannot be achieved within that simplex, and also
when the bisection of a neighboring simplex triggers its bisection. When bisection is performed, a
new sample is generated at the newly created vertex position. Through a hash of vertices, we make
sure that a vertex is sampled only once.

LPT code Storage and Manipulation:

¢ In our implementation, we treat the signed permutation component as a reflection and a per-
mutation separately, as in the initial description given in Section 3.1. Note that the reflection
could be one o?? reflections, and the permutation could be oné!gfermutations. Both the
reflection and the permutation are represented by a unique integer-id. Each!gi¢neauta-
tions is assigned a unique integer-idin 1, 2, ..., (d!—1)}. AreflectionR = [ry ry - -+ 14
wherer; € {+1}, is also assigned a unique integersics {0,1,2,...,(2¢ — 1)}, such that

(rr, +1)
2

% 2d—k

d
T =
k=1
And so, the permutation-reflection component of theT" code is stored as two integers
([logy(d!)] + d bits).

e The operations defined on the permutation-reflection component such as cyclical shifts and
swaps are performed through use of precomputed tables. Each possible operation is also
given a unique integer-id. We precompute two tables, one for permutations, and one for
reflections. There is an entry for each possible permutation/reflection and each possible op-
eration combination. Then, the permutation/reflection integer-id and the operation-id could
be used as indices to these tables to get the integer-id of the resulting permutation/reflection.
By these tables, all operations are don@ifi) time.

e As mentioned in Section 6.2, orthant lists are storefisgparate bit strings, one for each
coordinate.

e To access a simplex, itePT code is used to index a hashtable.

Querying and Interpolation: Once the query points is located in one of the leaf simplices,

as explained in Section 5.2, the barycentric coordinates with respect to the simplex vertices are
already known. The output value for the query point is then computed by barycentric interpolation
of thed + 1 simplex vertices.

However, if the the data structure is being built dynamically, such that the simplices are gener-
ated on-demand, only when they are required by interpolation, then the interpolation query would
cause more bisections and sampling until the desired accuracy is achieved. In this case, the simplex
is first bisected and then the traversal down the tree is continued with one of its children as usual.
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10 Conclusion

We have presented a representation of hierarchical regular simplicial meshes based on Maubach’s
[22] simplex bisection algorithm. Unlike Maubach’s approach, which requires the use of recursion
or an explicit tree structure, our representation is pointerless, that is, the simplices of the mesh are
uniquely identified through a location code, called the LPT code. We have shown how to use this
code to traverse the hierarchy, compute neighbors, and to answer point location and interpolation
queries.
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Appendix

Proof of Theorem 6.1

The following notation will be used throughout the proSfdenotes any simplex.
S0 = N@(S), i.e. thei™ neighbor ofS.

IT andII® denote the signed permutation code associatedsvithd S respectively.
Sp and.S; denote the 0- and 1-children 6f respectively.

557 and St denote the 0- and 1-children 6", respectively.

I1, andll; denote the signed permutation code associatedSyidnd.S;, respectively.
Héi) andHﬁi) denote the signed permutation code associatedS}%i)[rande), respectively.
(Sp)® denote the'" neighbor ofS,. (I1,)® denotes the code f@i5y) .

(S1)% denote the'" neighbor ofS;. (I1;)® denotes the code fgi5;).

m andm’ are used to denote the new vertex generated by bisection.

u is used for the vertex that differs in the neighbor simplex.

Inductive Hypothesis: Let S = [vy...V,...v,|" be a simplex at level = |p| mod d. Let
¢~ =({—1)moddandl* = ¢ + 1.
The rules of the theorem could be stated more explicitly as:
if (S is a 0-child)
S(O) — {U Vl oe . Vd]T H(O) — ]___[ ) PNEG,l!
SO =vo...visy U Vigr...vd', (0<i<d) I =TI o Dswpy,
]T

S(d) = [VO V- U V-4 ...V H(d) —TIlo FRGTZ*l

if( S'is a 1-child)

S(O) = {U Vi... Vd]T N =10 FNEG,L

* T
S(E ) = [VO ... Vg— V@—+2 R Vd U] H(Z*) — H o FLFT,Z_l
Zg*) Moo Vio U VeoValt (0 <8 < did 7o) - oy,
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S@ =vy... Vg U]T , (d#107) 9 =TT o Dysw,.
Basis of Induction: We will show that the neighbor rules hold for theroot simplices. Note that
thelevel of a root simplex i9), and the rules are the same whether the simplex is a 0-child, or a

1-child. LetS denote any root simplex, withPT code Il = [ry ... 7  mipq ... 74

e For all root simplicesS® = (), andS@ = (), that is, thed”* and thed"" neighbors do not
exist, since they are outside theference hypercube

e Other neighborsS®, 0 < i < d, should be obtainable by swaps. Recall that lihse
simplexSy could be represented as,

[ vio ] [ —1
Yii1 -1
So=11--Yal, YVi= Ui = 1|
L Yid | 1]
And, any root simplexs' could be written as,
[ vio ] [ =17
I / /o _ Yii—1 o —1 iff .
S=Wi--Ya, Y;=Y,= Yii = 1 m m=y
L Yid L1

If m; = j, andm; 1 = k, theny; =y, andy, =y, ;.

H:[T{'l...ﬂ'i_l ] k 7Ti+2---7rd]

Note that swapping columiy andy; of S, will give us another valid root simplex, which
differs from S only in the:'" row, that is thei” vertex. So,5’ is basically thei*" neighbor
of S, thatisS” = S, LetII’ denote the signed permutation f&t Then,

O=[m...m1 k j 7o .74

This shows that thé” and the(i + 1)th entries inll is swapped to gdtl’, And so,

% = 11" = IT 0 Ty

29



Induction Step: Let S be a simplex aevel/~ such that the inductive hypothesis holds. We will
show that the inductive hypothesis holds for the two childref.of

1. First, consider the O-child of, that isS,. Let ¢ denote the level of,. Note that/~ =

(¢ — 1) mod d. Let¢* = ¢~ + 1. Letting: denote the neighbor number, there are multiple
cases to be distinguished.

@i=0
f 0< /¢ <d-1,

S=Vg Vi...Ve—...vg]T,  So=[Vog Vi...Ve-—1 m Ve ...vg|T
SO=[u vi.. .V ..vg]", SO=[u vi. Ve m v .v]T

Elseif ¢~ =0

S=vo Vi...vg]T,  So=[m wvi...vg"
SO=[u vi...vg", SP=[m" wv;...vy"

In either case(Sy)© = Séo). And so,(I1y)© = H(()O) = 1O =Tlolyge; = Myolyee1-
(b) i=d
By definition of bisection rules*" neighbor ofSj is its sibling, that isS;, and
(HO)(d) =1 =1lo FRGT,Z*-
(c) 0<i< (™
Vo... Vit Vi Vigr...Ve—_1 Ve ...Vg]T,
Vo...Vict U Vigp...Ve_1 Ve ...Vl

[
[
S,OZ[VO oo Vi1 Vi Voo V-1 M Vel Vd]T,
Sél):[vo CVisg U Vg Ve M Ve vg)t

Then,(S,)® = 5$”. And s0,(ITo)® = II{ = TI) = IT 0 Pgyp; = Iy © Tsyes-

d)i=~0,0#£0
i. If Sisa0-child

S=Vo...Vp-—1 Vi ...vg|T, €OZ[V0...V47_1 m...vg7
SE=vg.. Ve Y.y T, S =g v m )T

Then, (S,)¢) = 5. And so,(IT))¢) = ') = ) = Mo Igypp- =
Iy o FSWP,K—-
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ii. If Sisa1-child,

S=[Vo...Vi-_1 Vi Ve ...vg|T | Si’oz[vo...vgf_l m Ve ...vg"
SE)=[Vg.. . Vpyoy Voo ve ulT, SYI=vo. vl m v vy)”

[Ty =1 Tpe ... Tqg  —Tp-],
[

Ty ew . Ty——1 T+ Tp— 7Tg*+1...7Td]

>
>
o
w0
(@]
=
=)
o
S—
=
2
I
=
"N
[l
=
o
O
—
wn
E
0
3

(e) - <i<d

S=[Vg...Vg-_1 Ve ...Vii1 Vi...vg]T, SO:[VO...vg_,l m v, Vi...vg?
SO=Vo.. Vi1 V- . Viir Yo.valT, SP=o...veelr movig L v]”

Then,(S,)® = S\ And so,(ITy)® =TI{" = 1) = ITo Tswei = g 0 Dsye;-
2. Next, consider the 1-child of, that is.S;. Let ¢ denote the level of;,. Note that/~ =
(¢ — 1) mod d. Let¢* = ¢~ + 1. Letting: denote the neighbor number, again, there are

multiple cases.

@i=0

Then,(5,)© = S\,

H:[ﬂ'l...ﬂd],

1,
0D =[ry ... 701 —mg), T =|rg m... 741

And SO,(Hl)(O) = Hgd) = II; o I'\eg 1+
i. £~ #0

S:[VO Vi...Vp— .. .Vd]T7 Slz[VO Vi...Vy——1 M V.. .Vd_l]T
SO=[y vy v ..v", SOZy vivel, move v )T
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Then,(5,)© = 5.

S@=vy...Vp_;

Then,(5;)¢) = 8\

H:[ﬂ'l...ﬂ'd], H1:[7T1...7Tgf —Tyq 7Tg*...7Td_1],
0O = [—m; ... 7y, Hgo) =[—m ... M- —Tq Tpe...Tg_1]
And so,(I1,)© = H§0> = Il o I'yec1-
(b) 0<i< ™
S:[Vo...vi_l V... Vy——1 Vp- ...Vd]T, SlZ[VO-“Vi—l Vi...Vy——1 M Vyp- ...Vd_l]T
SO=Vo... Vit Yoo Vo1 Ve oo Va7, SYV=[vo...Viiy  Y..Veer M Ve .. Veq]T
Then,(5;)® = S,
II=[m...74),
Hl‘:[ﬂ'l L Tp— —Tyq 7Tg*...7Td_1],
H(Z) = [71'1 TG T4 T 7Ti+2---7rd]7
ng) =[m ... M1 Wiy TWi... M- —Tq T ...Tg_1]
And s0,(IT;)® = 11" = IT; 0 Tgyps.
(c)i=1("
i. If S'is a 0-child
S=[Vg...Vg—_1 Ve ... Vg1 VoI, Si=[Vo...Ve-—1 m v ...vg 4]

Yy Ve ..o.vg )T, Séd):[vo...vg_,l m v ...vg "

II=[m...74,
le{ﬂ'l...ﬂ'g— —Tq 7Tg*...7Td,1],
H(()d):H(d):[m...mf_l —Tg W= .. Tg_1]

And s0,(I1;)¢ ) = II{Y =TI, 0 Tgynp-.

ii. If S'isa 1-child,
S:[Vg A |
S(d):[VO A |

Then,(5,)¢) = S\

V- ...
Vp— ...

32

T
Ve M Ve V]

T
Ve m’ V- .. -Vd—l]



IT = [71—1 . 7Td]7
Hl = |m Tp—  —Tq  Tpx ... 7Td71],
N9 =[my ...~y —Tg Tpe...Ta1 —Te),
Hgd) _ [7T1 Tp—_1 —Tg Tp— ... 7Td_1]
And s0,(IT;)*) = IIY =TI} 0 Dgyyp-

d)i=¢
By definition of bisection ruleg/*)" neighbor ofS, is its sibling, that isS,, and

(Hl)(g*) =1Ilp =110 FLFT,K*-

(e)r<i<d, (#0

L <i<d, l#0,
T
SI[VO ooV Vo V1 Vo Vg Vd] ,
j— T
SCU=[vy...Vym...Viig U V;...Vg_1 Vg7,
Slz[VQ V-1 M V- ...V, V1 V... Vd_l]T,
- e
Siz ):[Vg Vel M Ve Vo U VL Vg ]

O=[m...7mp- ..M 7i...74,

I =[m ..M~ —Tg Tpe...T_1 T;...Tg_1], since i—1>¢"

1)
H(Z ) = [71'1,..7'('1-_2 T Ti—1 7Ti+1-~7Td];

(i-1) _
Hl —[71'1...7@7 —TMq Typx...T;—_9 T; T;_q1 7Ti+1...7rd_1].

i, i=d, (0

Then,(5,)@ = g\ Y.

H:[ﬂ'l...ﬂ'g—...ﬂ'd,1 7Td],

H1:[7T1...7Tg— —Tq 7T[*...7Td,1], since d—1>/¢"
NEY =[m .. 740 Tg Ta_1),

Hgd_l): [T1.. . T —Tg1 Tr...Tg_o T4

And SO,(Hl)(d) = HECH) = II; o Iyswex = 111 0 I'yswe-
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