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Learning from interaction

&

Reinforcement learning
involve learning what to do

It maps solutions to actions
as to maximize a numerical
reward

The agent is not told what
to do but it must discover
the best behaviour

The actions that it takes
affect future outcomes
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Learning from interaction in practise

» Reinforcement learning in
practise gives only an
approximation to a true
solution

» Real problem might be
continuous and high
dimensional
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Exploration and exploitation dilemma

In reinforcement learning we have a goal-seeking agent that must
simultaneously:
» exploit current knowledge
P .
»“explore new actions

The agent must try a variety of actions and progressively favour
those that appear to be best.
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RL: abstradim
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Bollman Equation (weler Markov fopory )
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Optimal value function

The optimal value function for each state gives highest the
expected return that can be obtained from that state.
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Optimal Q-function

The optimal Q-function for each state and action gives the highest
expected return that can be obtained from that state when that

action is taken.
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Optimal policy

The optimal policy is the policy associated with the optimal value

function or the optimal Q-function.
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