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eights - representing objective function 
values

○
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otentials - representing future value of pair
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tility discounting based on 
probability of edge exiting the pool
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P
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airs enter 
the pool due to self/fam

ily 
m

em
ber diagnoses or 

altruism
●
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atients m
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atched

○
If m

atched, they m
ay 

exit if they die, sw
itch 

to another exchange, 
or successfully receive 
a kidney

○
If m

atched, the m
ay 

return if their m
atched 

partner exits
●

U
nm

atched patients return 
to the pool
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edia/1827/kpd_report.pdf
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